The deterioration in electrical equipment, is normal and its process begins as soon as the equipment is installed. Failure to inspect may cause faults. A failure in these devices can represent from thousands of dollars in losses of production to loss of lives, therfore, it is our responsibility as engineers to develop and apply techniques that ensure their optimal operation. There are several maintenance techniques, including condition monitoring which uses vibration and electrical data from motors/generators to diagnose faults. The objective of this work is to develop a computational model of an induction motor based on the winding function technique to model electrical and mechanical faults. This is the first step in order to proceed with a most comprehensive project about condition monitoring of induction machines under fault based on signal processing analysis.
Introduction
According to the market research and consulting firm, Markets and Markets, the population of electric motors and drives is estimated to grow at a compound annual growth rate of 6.25%, from $10.26 billion in 2015 to $15.92 billion by 2022 (Mraz, 2017) . These amounts are not surprising since electric motors are in virtually every aspect of our daily lives, from the operation of various industries including fuel and gas, power generation, marine, cement, mining, chemical and water treatment as well as in the transport sector, air conditioning systems in homes and commercial centers, in cell phone vibration systems, among others.
Consequently, electric motors and the systems they drive are the largest electrical end-use load, consuming between 43% and 46% of all global electricity, giving rise to about 6,040 Mt of CO 2 emissions, and costing the end-user about $565 billion per year on electricity bills. By 2030, its consumption is expected to rise to 13,360 TWh per year, its CO 2 emissions to rise to 8570 Mt per year and will cost the end-user approximately $900 billion per year on electricity (Waide and Brunner, 2011 ).
Due to the rapid increment of the electric motors population it is necessary to continuously develop technology so that these equipment operate in an efficient and reliable manner. Failure to do so, could lead to major disasters. For instance, analyses from blackout events in the US show that a 30-minute power cut results in an average loss of US$15,709 for medium and large industrial clients, and nearly US$94,000 for an eight-hour interruption. Even short blackouts add up to an annual estimated economic loss of between US$104 and US$164 billion (Hodge, 2015) .
Electric Motor Failures
The most common failures of electric motors in industry occur due to: surpassing the standard lifetime, wrong-rated power, voltage, and current, unstable supply voltage or current source, overload or unbalanced load, electrical stress from fast switching inverters or unstable ground, residual stress from manufacturing, mistakes during repairs and harsh application environment (dust, water leaks, environmental vibration, chemical contamination, high temperature).
Regarding induction motors, the principal type of failures are described in Figure 1 .
From these, 40% of the failures are due to bearings failures, 38% are stator related, 10% are due to the rotor and 12% to other failures (Toliyat, et al., 2013) . 
Winding Function Method
The model of an induction motor developed in this work is based on the winding function method. This approach characterizes the machine in terms of coupled magnetic circuits rather than magnetic fields (Lipo, 2008) . Usually, the way to analyze electric machines is to obtain the electromagnetic field distribution of the machine, which requires loads of computer resources and time. On the other hand, describing electric machines as group coupled magnetic circuits, usually inductance and resistance, provides a computational effective way of obtaining their operating characteristics since the winding structure dictates the magnetomotive force inside a machine and the air- 
where, Φ is a particular point along the air gap, and N ( r, Φ), N ( r, Φ) are winding function of circuit i and j and they are defined as the magneto motive force (MMF) distribution along the air gap for a unit current flowing in the winding.
For a sinusoidal distributed stator windings, the winding function for each phase is: For the rotor, the winding function of each rotor loops can be written as: 
Induction Motor Modeling
To develop our model, we followed Ibrahim et al. (2010) as they presented a detailed and simple way to achieve a model of a motor under stable conditions and under fault.
Similarly, we defined the stator phase voltages (V , V , V ) base on the stator phase currents (I , I , I ), the stator phase self-inductances (L , L , L ), the stator phase to phase mutual inductances (L , L , L ), the stator leakage inductance (L ), the rotor loops currents (I ), the end ring current (I ) and each stator phase to rotor loop mutual 
And finally, the rotor mechanical equation is given by the rotor inertia ( J), the rotor angular speed (Ω ), the friction coefficient (F) and the load torque (T )
Simulation and Results
The model was done in MatLab and for the same 4kW induction motor with the parameters given in Table I by Ibrahim et al. (2010) , we obtained the same results for a motor under healthy conditions and for one under rotor faults.
• Under healthy condition, the motor is simulated at no load for 0.5 seconds and then the motor is loaded with a load of 10 Nm. Figure 2 shows the speed and • Under fault, the motor is simulated with one broken bar and one broken end ring segment. Figure 5 shows the speed and torque, Figure 6 shows the phase A current and Figure 7 shows the rotor bar current distribution. It is important to point out that broken rotor bar faults can be simulated by increasing bar 
Conclusions
The objective of this first stage of the project was achieved. We were able to repli- Now that we are sure that we have a functional model we will be able to proceed with the next stage that is validate the model with experimentation, perform the upgrades needed and proceed to pair the model with signal processing analysis to develop strategies for condition monitoring.
